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def HLO_SliceOp:

let arguments = (ins

);

Hlo_Tensor:$operand, Hlo_Tensor:$operand,
|64ElementsAttr:$start_indices, HLO Tensor:$start_indices,
|64ElementsAttr:$limit_indices, HLO Tensor:$limit_indices,
|64ElementsAttr:$strides

def HLO_DSliceOp:

let arguments = (ins

HLO Tensor:$strides
);
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LhloOp

do
dl
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d3
s
sl

shape
shape
shape
shape

.get _dim(%0, 0)
.get_dim(%0, 1)
.get _dim(%1l, 0)
.get _dim(%2, 1)
mul do, dil
mul d2, d3

shape.tie _eq(s@, sl)
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